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ABSTRACT
Students often use lecture recordings to learn and revise. This
approach, however, demands time to locate and review relevant
topics. The automatic reduction and indexing of lecture recordings,
then, could focus students’ attention on the most relevant content.
This article investigates whether lecture recording reduction leads
to improved learning outcomes on an undergraduate computer
networking module. Students participated in a randomised trial
which compared lightly edited full lecture recordings to those that
had been significantly reduced in duration and indexed. A pre-test
conducted after the initial lecture series was followed upwith a post-
test after several weeks of using the recordings. The results show
a statistically significant difference between the groups in terms
of perceived effort. However, only the students with little prior
knowledge showed a statistically significant difference in learning
outcome in favour of the reduced lecture recordings. Moderating
factors, such as prior knowledge, warrant further research to help
elicit guidelines to inform the design and deployment of future
lecture video reduction approaches.
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1 INTRODUCTION
Producing archives of lecture recordings for the purpose of student
revision can be well received by students [5, 6, 12, 16, 20] and has
been shown to support their learning [9, 22]. However, many stu-
dents do not always watch lecture recordings for their full duration,
often taking a more strategic approach during sessions of revision
[1, 7, 16, 18]. As such, manually navigating lecture recordings to
find particular content may not represent a productive use of their
revision time. In order to minimise this limitation, the content of
lecture recordings could be reorganised. More specifically, the top-
ics could be indexed into segments and prioritised. Furthermore,
unnecessary content could be removed, in accordance with the
learning objectives. Such changes might help to focus students’ at-
tention on the most relevant content and therefore lead to enhanced
learning outcomes.

Judgements must be made regarding what content to include
and what content to discard. This often requires substantial human
input. An approach that aims to minimise the time needed to pro-
vide such input is using metadata associated with the presentation
slides as a framework for reduction. Prior work shows that such
meta-data can be mined from slides, notes, and audio from the lec-
tures themselves [23], minimising the preparation required to edit
the recordings. However, the implications of using this technique
for revision purposes are not clear. Therefore, prior to investing
time and resources into developing a high fidelity toolset, this re-
search acts as a feasibility study, exploring the educational impact
of lecture recording reduction.

The following section of the article provides some background on
the use of lecture recordings and the pedagogical theories that could
inform efforts to modify lecture videos to enhance student learning.
The proposed approach to reducing the lecture recordings is then
described. The research questions and the expected outcomes, in
the form of hypotheses, are then made clear. The following sections
then describe the methodology of the experiment, the results, and
a discussion of the findings.

2 BACKGROUND
A literature review on the use of podcasts in education highlights
that the use of lecture recordings is associated with a range of
benefits, including: positive attitudes; sense of control over learn-
ing; improved study habits; and increased learning performance
[10]. As such, there is considerable evidence supporting the use of
lecture recordings to help students understand and revise lecture
content. However, there are several open questions with respect
to how lecture recordings should be presented. The review makes
a number of suggestions regarding avenues for future research,
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including: a focus on the quality and design of videos; their rela-
tionship with pedagogical strategies; viewing strategies; and their
impact on learning effectiveness. This perspective is extended in
a further review [17] which points out that a number of studies
have not applied appropriate measurement approaches, often using
self-report measures for variables such as learning.

It is, therefore, important to further investigate whether different
styles and presentations of videos will have different impacts on key
variables of interest, such as student learning, using appropriate
measurement approaches. Students have demonstrated a range of
different approaches to interacting with videos, sometimes leading
to only surface-level learning [11], and so lecture recordings are
often considered to be complementary to existing teaching methods.
Given that the recordings, therefore, make effective revision tools,
it is then possible that designing them with revision in mind could
enhance their effectiveness.

Such a strategy could be realised through the utilisation of a
number of pedagogical strategies. The principle of constructive
alignment [2] emphasises that only material that will be tested
should be formally covered. It is likely that questions and points
raised in lecture discussions, although useful for students’ deeper
and future learning, will not be tested on. As such, this unneces-
sary material can be cut from the lecture recording. Similarly, the
principle of scaffolding [4], which emphasises that students receive
additional support when first introduced to a topic (in line with
their zone of proximal development [21]), can be used to ensure
that material is ordered such that topics build upon each-other and
enable students to easily identify related topics. Another key con-
cept is cognitive load [19]. This theory contends that the amount
of information that can be processed in working memory is finite
and so presenting too much information simultaneously can over-
load working memory and subsequently impede learning. It is not
unusual to find that lecture slides are over-crowded with informa-
tion. Such content can be re-organised in post-production to reduce
cognitive load and consequently focus students’ attention more
effectively [3].

3 EXPERIMENTAL TOOL
The proposed system aims to apply the concepts of constructive
alignment [2], scaffolding [4], and cognitive load theory [3, 19] to
the reduction of lecture recordings. Using this approach, data about
the slides is applied in three ways: assigning topic importance; indi-
cating dependencies to previous slides; and coding the purpose of
a slide (e.g. presenting information, questioning the audience, etc.).
Additionally, further data about each slide is captured, including:
slide duration; and slide-associated audio.

The proposed work-flow, shown above in Figure 1, is a semi-
automatic process for reducing the duration of lecture recordings.
Firstly, the recording is segmented based on the structure of the
slide show that accompanies the lecture. Secondly, segments of
the lecture are removed based on a back-propagation technique
using the data provided. Slides associated with a low importance
topics and their supporting slides are removed, while slides that do
not present new information are also removed. Existing content
analysis techniques (see [13] for a review) are then applied to further
eliminate interruptions within each segment. Such techniques also

Figure 1: Workflow for Editing Lecture Recordings
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highlight segments that potentially present a high cognitive load,
for final manual editing in the post-production stage.

4 RESEARCH QUESTIONS & HYPOTHESES
In the educational context, “impact” can have different meanings.
This article investigates educational impact in terms of the following
research questions:

RQ1. Do students use full lecture recordings in the same way as
reduced lecture recordings?

RQ2. Does the use of reduced lecture recordings lead to different
learning outcomes compared to full lecture recordings?

RQ3. Do students hold different perceptions of full lecture record-
ings and reduced lecture recordings?

The first research question examines one hypothesis: there will
be no significant difference between the number of minutes that
students spend watching either type of video (H1). The second
research question also examines one hypothesis: students watching
the reduced lecture recordings will score higher on a test of the
intended learning outcomes (H2). The third research question exam-
ines five hypotheses: students will find reduced lecture recordings
more useful (H3); students will perceive reduced lecture recordings
to be of higher quality (H4); students will perceive the full lecture
videos as being too long (H5); students will perceive the full lecture
videos as requiring too much effort to watch (H6); the students
will perceive an increase in their performance after watching the
reduced lecture video (H7).

5 METHOD
A short series on four lectures on an introductory computer net-
working course (designed and performed by the second author)
were recorded (by the first author)1. Edited lecture videos were
then prepared and created (by the first author) according to rec-
ommendations generated by a low-fidelity prototype based on the

1Both authors were at the same institution at the time of the study.
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Table 1: Content of the Lecture Videos

# Lecture Topics Slides Video Duration

Full Reduced

1 Course Intro, General Definitions, Operating System History, Networks and Operating Systems 42 47.06 19.02
2 Internet History, Internet Protocols, Layers, Physical Media, Switching, Network Throughput, Security 83 67.35 36.23
3 Application Layer Protocols, HTTP, FTP, SMTP, POP3, IMAP, DNS 48 80.11 52.40
4 Client-Server, Peer-to-Peer, TCP and UDP Protocols, Socket Programming 66 81.31 35.38

slide meta-data (provided by the second author). Two videos for
each lecture in the lecture series were then produced: one that
had been lightly edited; and one that had been heavily edited, and
thereby reduced. The prototype did not manipulate the lecture
recordings directly, but instead generated recommendations which
were manually applied using Sony Vegas 10.0.

These were uploaded to YouTube and were selectively made
available to participants through the BlackBoard virtual learning
environment. The impact of each recording on student learning
was compared using an experimental approach. YouTube analytics
(such as minutes watched) and a post-study questionnaire were
used to evaluate student perceptions of the videos, while learning
was examined through an online test taken by each participant
before and after the experiment.

5.1 Experimental Design
The experiment used a between-participant design because prac-
tice and preference effects could have biased the evaluation if each
participant was exposed to both experimental conditions. The ex-
perimental design itself consisted of a parallel-group double-blind
randomised trial, incorporating balanced allocation between two
groups (1:1).

Two versions of each lecture recording were compared, one
edited using the recommendations produced by the prototype im-
plementing the proposed method (experimental group) and the
lightly edited version, that included the full lecture (control group)
as listed above in Table 1. A pre-test is conducted to establish
whether the groups are equal before the experiment and a post-test
is conducted after the students have used the videos to examine
differences between the groups.

5.2 Recruitment
Participants were recruited from an introductory computer net-
working course within the undergraduate computer science degree
programme at the authors’ institution. The study was promoted
via: institutional email; notices on the relevant BlackBoard module;
and a course-related FaceBook group. Participation was voluntary
in accordance with ethics guidelines.

5.3 Data Collection
A pre-test was deployed on BlackBoard six weeks into the course,
after the first five lectures had been delivered (four, of which, were
recorded for the study). The pre-test was available for 10 working
days after which, in the ninth week, the relevant videos were re-
leased to students in accordance with their group allocation. The

Table 2: Participant Characteristics

Characteristic Sample (%) HESA (%) χ2 p

Male 83.3 82.3
Female 16.7 17.7 0.36 .848
Traditional Student 87.0 88.9
Mature Student 13.0 11.1 .170 .679

post-test was then made available on BlackBoard in the eleventh
week, alongside a post-survey that was emailed to eligible students
via SurveyMonkey. This was also made available to participants for
10 working days.

5.4 Sample Size
Hattie suggests an appropriate effect size for educational relevance
is:d > .40 [8]. Thus, an a priori power analysis was conducted using
the statistics software G*Power 3.1.3 to determine an appropriate
sample size (α = .05, 1−β = .80). Based on conducting an ANCOVA
analysis, a minimum of 52 cases is suggested. A sample of 60 was
obtained and included in the analysis for this study.

6 DATA ANALYSIS
The data was analysed in PASW 18.0.3 for Windows. There were
no cases with missing data. All reported p-values are two-tailed
and significance has been determined at the conventional .05 level.

6.1 Participant Characteristics
All participants were students enrolled on a second-year under-
graduate computer networking module, having passed CS1 and
CS2. Note that these students also typically required at least 300
points on the University and College Admission System (UCAS)
to enrol on the course (see [omitted for review] for details). For
ethical reasons, all participants were volunteers. So, although all
of the students in the cohort were invited to participate in the
study, the initial response rate was ~50% (75 of 151 students), but
with an attrition rate of 20%, resulted in only ~40% (60 of 151 stu-
dents). Thus, self-selection bias is a possibility. Table 2 contrasts the
descriptive statistics of the sample with known population propor-
tions in the 2011-2012 dataset available from the United Kingdom’s
Higher Education Statistics Agency (HESA). As there are no statis-
tically significant differences, in terms of age or gender, the sample
is assumed to be adequately representative of a typical computer
science cohort in the UK.
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Table 3: T-Tests Comparing Length and Amount Watched
for the Experimental and Control Videos (Full Sample)

Measurement x̄ σ t d f p

Minutes Watched

Experiment 323.50 109.70
Control 389.00 117.30 -1.169 3 .189
Minutes Duration

Experiment 35.92 13.73
Control 69.09 15.95 -7.685 3 .005

6.2 Measurement Validity and Reliability
The measurement used in the pre-test and post-test was created
for the purpose of this study, based on the content of the first four
lectures. Five learning objectives were identified, and a pool of 30
items was created (six questions for each learning objective). As
this test was created for the study, prior to the analysis, the test
was reviewed for appropriate validity and reliability.

Firstly, the pool was reviewed for content validity by the three
teaching assistants assigned to the unit. No items were removed
at this stage. Secondly, validity was then further assessed through
a pilot study using a difficulty metric, based on avoiding extreme
proportions of student success on an item, and an appropriate dis-
crimination metric, ensuring success on an item is related to success
on the test overall. Items were included based on the following cri-
teria: (10% < di f f iculty < 90%)AND (discrimination > 0.1). Four
items were eliminated at this stage. Thirdly, the reliability of the
remaining items for each learning objective was assessed using
Cronbatch’s α . Each group of items, based on the five learning
objectives, exceeded the 0.7 threshold proposed in [15]. Therefore,
validity and reliability can be considered adequate.

6.3 Video Usage (RQ1)
In order to examine H1, the duration of each video was examined
and the estimated total minutes watched was captured from the
available YouTube analytics. This data is summarized in Table 3.

The table shows that the duration of the experimental reduced
lecture videos was statistically significantly shorter than the lightly
edited lecture videos (p = .005), with the prototype tool achieving
a typical 49% reduction, based on the four example cases (x̄ =
−33.16minutes , σ = 8.63minutes). However, of the 2850 minutes
that participants in the study watched the videos for, the overall
amount of time that students spent watching the different types of
video was not statistically significantly different (δ x̄ = 65.5minutes ,
p = .189). This supports the notion that students engaged with the
videos in a similar way, in terms of allocating time to watch them,
despite their substantially different durations.

6.4 Impact on Learning Outcomes (RQ2)
Analysis of statistical assumptions suggested that an ANCOVAmay
not be appropriate due to the heteroskedasticity assumption. There
was considerable variance in pre-test scores and the regression
predicting post-test score did not appear to be equal across the

Table 4: T-Tests Comparing Learning Outcomes (Low Pre-
Test Scores Only, N = 40)

Measurement x̄ σ t d f p d

Pre-Test Score

Experiment -7.41 5.65
Control -9.94 8.05 -1.167 38 .250 —
Post-Test Score

Experiment 3.13 10.51
Control -4.77 11.69 -2.252 38 .030 -0.73

range of scores. Consequently, the sample was segmented into two
sub-samples based on pre-test score: high performing; and low
performing. Thus, two independent sample t-tests were conducted
on these sub-samples to examine H2 and shown in Figure 2.

The data in Table 4 only shows data for the low performing
students. The table shows no statistically significant difference in
the pre-test (δ x̄ = 2.54,p = .250). However, a statistically significant
difference was found between the two groups in the post-test (δ x̄ =
7.90,p = .032). Thus, although the groups were equal at the start of
the experiment, those students who had been assigned the reduced
lecture videos to watch received a higher score on the test compared
to those students who had been assigned lightly edited full lecture
videos to watch by the end of the experiment (d = 0.73).

On the other hand, there was no statistically significant differ-
ence between pre-test and post-test scores for students in the high
performance sub-sample (t[19] = -1.210, p = .241), this suggests
that the lecture video reduction had no measurable impact on the
intended learning outcomes. This is unlikely to be due to a ceil-
ing effect as the maximum possible score on the measurement
was not achieved. However, as there were only 20 students in this
sub-sample, a lack of statistical power should be noted. A post hoc
power analysis indicates that the sensitivity of the statistical test
(α = .05, 1−β = .80), in this case, is d > .66, rather than the d > .40
criterion suggest by Hattie [8].

6.5 Difference in Perceptions (RQ3)
In order to examine H4-8, the data from the post-survey was anal-
ysed using a series of Mann-Whitney U Tests because Likert-type
items were used and the data did not appear to follow a normal
distribution. These items and their analyses are shown in Table 5.

Based on a maximum score of six, with higher scores denoting
agreement, the results indicate that students tended to endorse the
usefulness of the revision videos. They tended to disagree that the
videos were poor. They also tended to endorse the notion that their
performance increased. There was little consensus about whether
the videos were too long, although there was no statistically sig-
nificant difference between the groups. However, there was a sta-
tistically significant difference with respect to effort required to
watch the video. Although students allocated to watch either type
of video both tended to disagree with the statement, those allocated
to watch the reduced lecture videos seemed to perceive much less
effort being required (δ x̄ = 0.88,p = .024).



On the Educational Impact of Lecture Recording Reduction ITiCSE’17, July 03–05, 2017, Bologna, Italy

Figure 2: Box-Plot Illustrating Gain Scores Between Sub-Samples and Experimental Allocation

Table 5: Mann-Whitney U Tests Comparing Student Atti-
tudes Between the Experimental and Control Conditions

Measurement x̄ σ U p

These revision videos were useful

Experiment 5.00 0.92
Control 4.47 1.34 204.0 .243
I believe the quality of the revision videos
was poor

Experiment 3.18 1.29
Control 2.86 1.35 211.5 .461
The revision videos were too long

Experiment 3.86 1.20
Control 4.17 1.26 202.5 .238
Watching the revisision videos required
too much effort

Experiment 2.59 1.14
Control 3.47 1.30 156.5 .024
I believe I increased my performance on
the tests using revision videos

Experiment 4.95 0.95
Control 4.47 1.41 211.5 .321

7 DISCUSSION
7.1 Findings
Few studies evaluate lecture recordings in the computing context.
Fewer still explore the educational impact of content reduction.
This paper contributes to this literature by showing, through the
use of a low-fidelity proof-of-concept prototype, the efficacy of lec-
ture recording reduction in an undergraduate computer networking
module. The experiment reveals mixed impacts on learning out-
comes. Some positive and some questionable. This may be because

many students do not allocate study time based on the nature of
the available material. This notion is supported by the number of
minutes spent watching videos being the same for both groups;
despite the videos provided to one of the groups having substan-
tially longer durations. This presents an opportunity to improve
lecture recordings based on constructive alignment [2], scaffolding
[4], and cognitive-load theory [3, 19].

Reducing the duration of the lecture videos and indexing their
content facilitates search and review, permitting greater focus on
the most pertinent material. This notion is supported through the
learning demonstrated by those students with low pre-test scores.
Although both groups improved, the post-test scores reveal a sta-
tistically significant and educationally relevant improvement for
those students viewing reduced lecture videos. Additionally, there
was a statistically significant difference in perceived effort required
to watch the reduced lecture videos, which may have aided engage-
ment.

However, it is important to note the lack of a difference for those
students who performed well on the pre-test. This is indicative,
perhaps, of an interaction between the type of video and prior
knowledge. One potential hypothesis can be found in research on
science videos: when students feel they already know a topic, they
only perceive that the content of videos reinforces their existing
misconceptions (irrespective of the actual content) [14]. Given that
participants were not made aware of their pre-test scores during
the study, students with prior knowledge of the topic may have
encountered such a phenomenon. Another hypothesis is that depth
of learning is a factor (see Biggs and Tang [2]). The reduced lecture
videos only focus attention on surface-level material, denying the
depth of discourse needed to promote learning enough to achieve
the higher scores.

It would also be interesting to see how lecture recording reduc-
tion impacts absentees. The approach seems effective for students
with low pre-test scores (such as absentees) and may be suited to
help students achieve the most important learning objectives.
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Table 6: Summary of Findings and P-Values

RQ Hn Hypothesis Observation p Conclusion

1 H1 ∆Usaдe = 0 t = −1.169 .189 Supported

2 H2a ∆Learninд , 0 t = −2.228 .032 Supported

H2b ∆Learninд , 0 t = −1.210 .241 —

3 H3 ∆ATT 1 , 0 U = 204.0 .243 —

H4 ∆ATT 2 , 0 U = 211.5 .461 —

H5 ∆ATT 3 , 0 U = 202.5 .238 —

H6 ∆ATT 4 , 0 U = 156.5 .024 Supported

H7 ∆ATT 5 , 0 U = 211.5 .321 —

7.2 Limitations
It is important to note the sample size as a limitation in this study.
As statistical assumptions did not hold, the sample had to be divided
into two sub-samples at the data analysis stage. This not only has
implications for the representativeness of theses sub-samples and
the generalizability of the results. In particular, as there were a
relatively small number of students receiving high scores on the
pre-test (N = 20), statistical power for the analysis of this group
was low. Therefore, the risk of Type-II error for H2b is increased,
with a noted sensitivity of d > .66. Further research with a larger
sample size and an experimental design that accounts for a possible
interaction effect is therefore needed.

It is also important to note that it was not possible to explore and
differentiate between individual students’ video usage behaviour
based on the data provided by YouTube analytics. As such, neither
the different ways in which the participants potentially used the
lecture recordings, nor whether either version of the videos were an
important revision tool could be established. The use of qualitative
research methods and an additional no-video control group may
be necessary to establish this.

8 CONCLUSION
This article presents a proof-of-concept, demonstrating the impact
of lecture video reduction using slide meta-data. It was hypothe-
sized that the time students spend watching lecture videos would
not depend on their duration. Thus, editing lecture videos would
encourage students to spend a greater proportion of their time fo-
cusing on relevant content; thereby, enhancing performance on the
intended learning outcomes. The results of the trial, summarized in
Table 6, support several of these hypotheses. However, a possible
interaction effect is revealed: those who performed poorly on the
pre-test only benefited from watching the reduced lecture videos
(H2a), while those who performed well on the pre-test did not seem
receive any benefit (H2b). This suggests that reducing lecture videos
can be worthwhile when compared to lightly edited full lecture
videos, but only for those students with little prior knowledge. Fur-
ther work is needed to explore this interaction in more detail and
to elicit guidelines to support the development of future lecture
video reduction approaches.

REFERENCES
[1] Jack Barokas, Markus Ketterl, and Christopher Brooks. 2010. Lecture capture:

Student perceptions, expectations, and behaviors. In World Conference on E-
Learning in Corporate, Government, Healthcare, and Higher Education, Vol. 2010.
424–431.

[2] John Biggs and Catherine Tang. 2011. Teaching for quality learning at university.
McGraw-Hill International.

[3] Michael E Caspersen and Jens Bennedsen. 2007. Instructional design of a pro-
gramming course: a learning theoretic approach. In Proceedings of the third
international workshop on Computing education research. ACM, 111–122.

[4] Michael Cole, Vera John-Steiner, Sylvia Scribner, and Ellen Souberman. 1978.
Mind in society. Mind in society the development of higher psychological processes.
Cambridge, MA: Harvard University Press (1978).

[5] Lyn Collie, Viral Shah, and Don Sheridan. 2009. An end-user evaluation of a
lecture archiving system. In Proceedings of the 10th international Conference NZ
Chapter of the Acm’s Special interest Group on Human-Computer interaction. ACM,
77–80.

[6] Paul EDickson, David IWarshow, Alec CGoebel, Colin C Roache, andWRichards
Adrion. 2012. Student reactions to classroom lecture capture. In Proceedings of
the 17th ACM annual conference on Innovation and technology in computer science
education. ACM, 144–149.

[7] Susan M Engstrand and Suzanne Hall. 2011. The use of streamed lecture record-
ings: patterns of use, student experience and effects on learning outcomes. Prac-
titioner Research in Higher Education 5, 1 (2011), 9–15.

[8] John Hattie. 2013. Visible learning: A synthesis of over 800 meta-analyses relating
to achievement. Routledge.

[9] Wen-Jung Hsin and John Cigas. 2013. Short videos improve student learning in
online education. Journal of Computing Sciences in Colleges 28, 5 (2013), 253–259.

[10] Robin H Kay. 2012. Exploring the use of video podcasts in education: A com-
prehensive review of the literature. Computers in Human Behavior 28, 3 (2012),
820–831.

[11] Ada Le, Steve Joordens, Sophie Chrysostomou, and Raymond Grinnell. 2010.
Online lecture accessibility and its influence on performance in skills-based
courses. Computers & Education 55, 1 (2010), 313–319.

[12] Kam K Leang. 2012. Short Online Videos to Excite and Engage Students About
Control [Focus on Education]. Control Systems, IEEE 32, 2 (2012), 70–71.

[13] Ying Li, Shih-Hung Lee, Chia-Hung Yeh, and C-CJ Kuo. 2006. Techniques for
movie content analysis and skimming: tutorial and overview on video abstraction
techniques. Signal Processing Magazine, IEEE 23, 2 (2006), 79–89.

[14] Derek AMuller, J Bewes, Manjula D Sharma, and Peter Reimann. 2008. Saying the
wrong thing: Improving learning with multimedia by including misconceptions.
Journal of Computer Assisted Learning 24, 2 (2008), 144–155.

[15] Jum C Nunnally, Ira H Bernstein, and Jos MF ten Berge. 1967. Psychometric
theory. Vol. 226. McGraw-Hill New York.

[16] Ron Owston, Denys Lupshenyuk, and Herb Wideman. 2011. Lecture capture
in large undergraduate classes: Student perceptions and academic performance.
The Internet and Higher Education 14, 4 (2011), 262–268.

[17] B Pursel and H Fang. 2011. Lecture Capture: Current Research
and Future Directions. Available on line at http://www. psu.
edu/dept/site/pursel_lecture_capture_2012v1. pd f (2011).

[18] Amber Settle, Lucia Dettori, and Mary Jo Davidson. 2011. Does lecture capture
make a difference for students in traditional classrooms. In Proceedings of the
16th annual joint conference on Innovation and technology in computer science
education. ACM, 78–82.

[19] John Sweller. 1994. Cognitive load theory, learning difficulty, and instructional
design. Learning and instruction 4, 4 (1994), 295–312.

[20] Ross H Taplin, Lee Hun Low, and Alistair M Brown. 2011. Students’ satisfaction
and valuation of web-based lecture recording technologies. Australasian Journal
of Educational Technology 27, 2 (2011), 175–191.

[21] Lev Semenovich Vygotsky. 1980. Mind in society: The development of higher
psychological processes. Harvard university press.

[22] JaniceWhatley and Amrey Ahmad. 2007. Using video to record summary lectures
to aid students’ revision. Interdisciplinary Journal of E-Learning and Learning
Objects 3, 1 (2007), 185–196.

[23] H Yang and C Meinel. 2014. Content Based Lecture Video Retrieval Using Speech
and Video Text Information. IEEE Transactions on Learning Technology 7, 2 (2014),
142–154.


	Abstract
	1 Introduction
	2 Background
	3 Experimental Tool
	4 Research Questions & Hypotheses
	5 Method
	5.1 Experimental Design
	5.2 Recruitment
	5.3 Data Collection
	5.4 Sample Size

	6 Data Analysis
	6.1 Participant Characteristics
	6.2 Measurement Validity and Reliability
	6.3 Video Usage (RQ1)
	6.4 Impact on Learning Outcomes (RQ2)
	6.5 Difference in Perceptions (RQ3)

	7 Discussion
	7.1 Findings
	7.2 Limitations

	8 Conclusion
	References

